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hybrid technique for FCMs learning for predicting nonstationary time series is
proposed by Yang and Liu [24] (fRFE V18 C[2]) . They presented the use of wavelet

oF OoF



transform with higher order FCMs for predicting nonstationary time series. The
application of wavelet transform converts original time series into multivariate time
series, which are then employed by higher order FCMs to model and predict the
original nonstationary time series... The works by Wu and Liu [26] (AR 18 3 [1]),
[27] offer two different approaches for large-scale and sparse FCMs learning, one
using compressed sensing and the second using least absolute shrinkage and selection
operator.) o
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the FCM context, several construction approaches exist. For example, Wu and Liu
[16] (fRFE M8 C[1]) developed a method based on convex optimization to learn
large-scale sparse FCMs, while Yang and Liu [17](AX & P18 3 [2]) introduced a
time-series prediction model based on the hybrid combination of high-order FCMs
with the redundant wavelet transform to handle large-scale nonstationary time
series. ) o
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Yang and Liu [9](f% % ¥4 18 3C[2]) used wavelet transform and Liu and Liu [10] used
empirical mode decomposition to extract features and forecast time series by
high-order FCMs. These existing FCM-based forecasting models achieve good
performance, “**) o
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Another merit is that, if one models the network clustering task as a multiobjective
optimization problem [28] (LR 18 L [3]) , [36], it could mitigate or even avoid the
resolution limit because each single run of a multiobjective optimization based
network clustering algorithm will yield a set of network partitions with different

clusters.) o
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node Based approach [27] (YRR MH4:1£3C[3]) , each gene of an individual is a random
integer within the number of nodes of the network and thus a decoder is needed to
transform them to the corresponding community information. In the decoding process,
each node is allowed to belong to multiple communities, such that this representation
approach can be used for overlapping community detection.) -
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4T : More recently, multiobjective genetic algorithms for the attributed graph [23],
[31], [39] (AXFE MR C[4]) are proposed to uncover network clusters, which perform
the task by maximizing the connectivity and similarity of vertex features in clusters.) -

KRN EL2EBE i+« APS Fellow. Fellow of Fraunhofer Society 7 [ yit €8 k2%
Jurgen Kurths 3% 55 N KRR 51 SC[8]H 48 AR SC[ST9e 1 —Fh Ak
T2 B FL R G 52 AN R By T 28 i &t . CRARTE 407 F : Thus, node
degree as the most important and easily obtained property naturally becomes the
touchstone for the evaluation of network status, Zhou and Liu [59] (fRF M1 C[5])
tried to find the Pareto front of different attack methods when enhancing the network

robustness.) o

REHERICEE AN G FHEIHR
B 514
o RE® 53R A TH)
‘ Bl A 51504
S CE A D
K5




Effective Brain Connectivity for fNIRS

With Fuzzy Cognitive Maps in | IEEE Transactions on
Neuroergonomics/ Mehrin Kiani, Javier Cognitive and 20194F 12 H 9
1,2
Andreu-Perez, Hani Hagras, Elpiniki I. Developmental H
Papageorgiou, Mukesh Prasad, Systems
Chin-Teng Lin
Construction and Supervised Learning
of Long-Term  Grey  Cognitive | IEEE Transactions on | 2019 45 H 20
1,2
Networks/Gonzalo Néapoles, Jose L. Cybernetics H
Salmeron, Koen Vanhoof
The Trend-Fuzzy-Granulation-Based
Adaptive Fuzzy Cognitive Map for
Long-Term Time Series Forecasting/ | IEEE Transactions on | 20224F4 H 26
2
Yihan Wang, Fusheng Yu, Wladyslaw Fuzzy Systems H
Homenda, Witold Pedrycz, Yuqing Tang,
Agnieszka Jastrzebska, Fang Li
Hierarchical Clustering of Bipartite | IEEE Transactions on
2018 5 H 2
3,5 Networks Based on Multiobjective | Network Science and .
Optimization/ Qing Cai, Jiming Liu Engineering
A Maximal Clique Based Multiobjective
Evolutionary Algorithm for Overlapping .
Community  Detection/Xuyun  Wen, IEEE Transactions on 2016 49 A 1
3 Wei-Neng Chen, Ying Lin, Tianlong Gu, Evolutionary .
Huaxiang Zhang, Yun Li, Yilong Yin, Computation
and Jun Zhang
Continuous Encoding for Overlapping
Community Detection in Attributed | IEEE Transactions on | 20224F3 H 14
4
Network/Wei Zheng, Jianyong Sun, Cybernetics H
Qingfu Zhang, Zongben Xu
Vicinal Vertex Allocation for Matrix
IEEE Transactions on | 202248 H 10
4 Factorization in Networks/ Tiantian He,
Cybernetics H
Lu Bai, Yew-Soon Ong
Framework of Evolutionary Algorithm
IEEE Transactions on
for Investigation of Influential Nodes in 20194F2 H 22
5 Evolutionary
Complex Networks/Yang Liu, Xi Wang, H
Computation

Jirgen Kurths




. REERXEFER

K| @ | 2B
x| M| — o | AR
N A
FHEI | | AE | E % P
I5g wxEE oy . i (xx [ 18] | &H | & [ A %SZ Pt
= A FR Foxx & ( ( C| & i I
H| 35 ] 3k A
H) | FD | [FD
Learning 201
large-scale fu 7
Semmene e IEEE 4
cognitive maps
Transa 12 SC
based on ) 2017 & , =
ctions ) . A Jin | | I-E
compressed Kai Wu, 25 % Kai | u .
1 . on . . g > | xpa | &
sensing and Jing Liu 1546-15 - | Wu 1]
o Fuzzy Liu nde
application in 60 11 =
) Syste H d
reconstructing
ms
gene regulatory
networks
Time series | IEEE 201 ]
forecasting Transa 8 Sha | # | SC
, 2018 4 :
based on | ctions | Shanchao 26 % 4 | Jin | nch | #, | I-E
2 | high-order fuzzy | on Yang, Jing 3391.34 12 g | ao | X | xpa| A&
cognitive maps | Fuzzy Liu 0 7 H |Liu| Ya | # | nde
and wavelet | Syste ” ng d
transform ms
A multiobjective 201 X
evolutionary IEEE 4 &
algorithm based | Tyansa Cl.lel’llf)l’lg 2014 4F A . ch | % SC
on similarity for | .tions Liu, Jing 44 % | 12 Jin enl | XU I-E
. =]
3 Community on Llu’ 2274_22 H g ong ﬁ%’ Xpa =
detection  from | Cyper Zhongzhou 87 T Liu Liu | 1T nde
signed social | petics Tiang H d
networks F




Overlapping 202 53
community 1 +E
detection in | [EEE . . H | E
directed  and | Transa TXlang;/l 2021 4F | 1 , Xia | 5 IS(Fi
) undirected ctions eni ;u el s1% | A MY, L
attributed on e 138-150 g B I O ol B
networks using a | Cyber Mmglﬁnlng Wi Liu | Ten B nde
multiobjective | netics Li g lm| d
evolutionary
algorithm
A two-phase 201 JE
multi-objective 7 ]
evolutionary [EEE 4 2,
algorithm  for | .. 2017 4 | 2 Mi | 5 | SC
enhancing  the ctions Mingxing 47 % A Jin | ngx [ #% | [-E
5 | robustness  of on Zhou, Jing 539552 g | ing xpa | &
scale-free Cyber Liu B Liu | Zh nde
networks against netics ou d
multiple
malicious
attacks
Evolutionary 201 X | EV
Computation 9 # | Co
and  Complex Jing Liu, i mp
Networks . Hussein A. Jin | Jin en
Spring o
6 Abbass, g g de 7
o Kay Chen Liu | Liu X
Tan (
El
)
& it
7 EEZRARR
prg | )AL BOR L ek YA ik
% | RS | IR AL L
Fe B4 B RE A 57 5
J7 R FE RN —,
s |1 | R E'J,%Z @fﬁﬂ%? i EE'? ﬁﬁ?ﬁﬁﬁ%?ﬁfﬂ%%ﬂ@]‘
| BHOREY | BHORY | MERMBEREER. 207
%, feth T RERS AL TR AR
AL R )R e TV




AR SR & 15— 1F
Ho

Fe B IR R RENFI 5 52 21T
RN EE RN —, B
TR FeIE T A T B 2R

Wb K| e Eﬁii gﬁii e B R 5] S AL T T,
T — 281 R TR S A
RS R 1, AR
PEIB L L% 4 U8
EWH AR RN, 5
. 9 H L 5 520, 15 T M
. S Sl B AL R )
flis Kbttt
£ N N I3 el Le R AL FR
g jﬁﬁ s Eﬁii gﬁii JoHER LT 5 H 9
e FFIBTSC bR 1T FA
o FA = AR BUAR L T i
o VESHR. RACHME T

1-5 FEIAEE, AR
BE6ME 1EE,

+t. EEZREMLEIL

P2 P RMSOR AR I H RIME— SE AL, Al S o i 3 B Ri) . Beit
S-S A, NATRE R T KSR e IR, R 130 H IR AT .

N BERABEXRRRA

XIEH B I H 55 = 58 T BA 97 T

&, BEO8 “Hel

2 hHeH

O

» ST H BRI I8 S B
F M RPUXIEE B A T A, TRA5 227 5 3 Ak B B BT A L

|Hd%”, NBIMEFEEBIT. 5 8RR E X

AR LA, PRI L2005 B BRI AR, B908 “ 4l fERS &l
AR, NBIMEFS T FHUM .




	自然科学奖公示信息
	代表性论文专著被他人引用的情况
	序号
	论文专著
	名称 
	刊名
	作者
	年卷页码（xx年xx卷xx页）
	发表时间（年月 日）
	通讯作者（含共同）
	第一作者（含共同）
	国内作者
	检索数据库
	知识产权是否归国内所有
	1
	Learning large-scale fuzzy cognitive maps based on
	IEEE Transactions on Fuzzy Systems
	Kai Wu, Jing Liu
	2017年25卷1546-1560页
	Jing Liu
	Kai Wu
	吴凯, 刘静
	SCI-Expanded
	是
	2
	IEEE Transactions on Fuzzy Systems
	Shanchao Yang, Jing Liu
	2018年26卷 3391-3402页
	Jing Liu
	Shanchao Yang
	杨善超, 刘静
	SCI-Expanded
	是
	3
	IEEE Transactions on Cybernetics
	Chenlong Liu, Jing Liu, Zhongzhou Jiang
	2014年44卷 2274-2287页
	Jing Liu
	Chenlong Liu
	刘辰龙, 刘静, 江中舟,
	SCI-Expanded
	是
	4
	IEEE Transactions on Cybernetics
	Xiangyi Teng，Jing Liu, Mingming Li
	2021年51卷138-150页
	Jing Liu
	Xiangyi Teng
	滕祥意, 刘静, 栗明明
	SCI-Expanded
	是
	5
	IEEE Transactions on Cybernetics
	Mingxing Zhou, Jing Liu
	2017年47卷 539-552页
	Jing Liu
	Mingxing Zhou
	周明星, 刘静
	SCI-Expanded
	是
	6
	Springer
	Jing Liu, Hussein A. Abbass, Kay Chen Tan
	Jing Liu
	Jing Liu
	刘静
	EV Compendex（EI）

	是
	合  计

