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was proposed by Gao et al. [38]. By feeding an image into a VGG16
network and generating one feature vector in each layer, a quality score
was created and then estimated for each feature vector by SVR.”[fAFR 4
5132 7]
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(““ In order to capture the hierarchical degradation, some researchers
extract multilevel features from the existing pretrained CNN models (on
other tasks, e.g., object classification), then these features are regressed
with SVR to predict image quality. The structure of such type is
represented by Fig.2(b). For example, BLINDER [12] extracts features at
each layer of VGG16 [29]. Then SVR is utilized to obtain a score at each
layer, and the final quality score is computed by averaging the layer-wise
scores.”[fATR G| 3C 8]
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