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2024 FEXSITHFZ (P E TAERE Pt 1) 7E JOURNAL OF MATERIOMICS |k
F o E 5 HORFEMER S 51, AN Various techniques have been proposed to acquire
polarization information, including division of time, division of aperture, division of
amplitude and division of focal plane (DoFP) [13]. Among these approaches, the DoFP
method offers advantages such as miniaturization and easy integration, making it

widely employed in commercial polarization cameras.” CFf [AAERMER L 5] ik N
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H UARFEH LT 4] , AN “Due to simplicity, tensor is a more natural and powerful
tool for representing it [15], and thus, we directly work on such a tensor representation
in this paper.” (GKEZHEHRMBEAKRR TR, 238 (MR 4] hikE
FoOoRBERIE K, JTRKEFORIMHERIT .
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“Xue et al. [25] considered the spatial-spectral subcontrolled low-rank relationship

(SSLRR) between high-resolution multispectral images (HR-MSI/LR-HSI) and
potential HSI. They propose a novel SSLRR model to formulate the HSI super-
resolution model as a variational optimization problem, leveraging the learned spatial -
spectral low-rank structure, which results in significant improvements in visual and
quantitative evaluation performance.”  (F55 A FH BT ADGIEE RIS R, $EH
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TRANSACTIONS ON GEOSCIENCE AND REMOTE SENSING |k # 3 # 5| H

[RFMLL 2], AN “To tackle this issue, we suggest a straightforward method

to estimate the CP rank of each NPT. We drew inspiration from the approach proposed
in the study[47]and gradually increased R until we achieved the optimal value by
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2) , A “Xueetal. [47] adopted the CP decomposition model, using the number of
tensorcomponents, the smoothness of the factor matrix, and low-rank matrix
decomposition toconstruct three layers of sparsity for tensor completion.” ({55 A
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image priors are indispensable for CASSI reconstruction, such as total variation (TV)
[16,17], sparsity [18,19], low-rank [20,21], and deep image prior (DIP) [22,23]” . (M
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SCIENCE AND ENGINEERING & & 3C# 51 j] [AARMERSC 11, 08 “However,
due to factors inherent to hyperspectral imaging systems and external imaging
environmental conditions (such as sensor technology, atmospheric interference,
sampling distance and angle, etc.), hyperspectral remote sensing images are subject to
varying degrees of noise interference during acquisition [3]” .  (BFF R I & 61 &
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